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. Problem Statement:
Making Sports
Participation Easier

Users of PlayNest find it difficult to
explore sports and activities which
align with their interests, skill level,
geographic location, availability and
past activities. Generic search result
listing can discourage users and
decrease user engagement. An ML
based recommendation system would
help users discover activities which
best suit them.




Problem Statement:

Smart Player Matching

It is challenging to find compatible players based on similar skill level, play style, availability and geographic location.
Incompatible players can negatively affect user experience leading to user departure from the platform. ML
algorithms can identify player compatibility and suggest the best teammates or opponents.

Demand & Activity Prediction

Sports organizers or venue partners may not have enough insight into when the demand for specific sports, venues or
times will rise. As a result, there could be an underutilization of sports venues or insufficient availability during peak
times. ML algorithms would be able to predict demand based on the history of the number of bookings, time, location,

sport and seasonality.

Churn [ Drop-off Prediction

There may be PlayNest users who will gradually lose interest in using the platform but do not communicate reasons
for that to the platform itself. Once the user starts showing such behavior, it is challenging to retain them. ML
algorithms would be able to predict such behavior based on activity frequency, cancellations, engagement and
booking patterns.

Fraud & Fake Activity Detection

The sports community platform can be exposed to the creation of fake profiles, suspicious booking, spamming,
duplicate accounts and other unusual activity and transaction patterns. Such detection becomes increasingly
challenging as the platform grows larger. ML algorithms would be able to predict such suspicious activity.



Playnest:

One Intelligent
Community Sports Platform

Playnest addresses daily problems in participating in
sports using one integrated platform to discover,
organize, play, and improve via community sports.

» Find the right » Simplify » Build stronger » Track progress
> games & > planning & P communities > & get better
people coordination

Discover Match Join Organize
Find games, Get smart Request or Plan venues,
players, and matches based accept schedules,
communities on level interests invitations and teams, and
near you. & goals. become part of manage

the game. participation.

Play

Show up, have
fun, and enjoy
great
community
sports.

Q) () G

Analyze

Track
performance,
participation &
team stats in real
time.

Improve

Get insights,
coaching tips,
and focus on
what matters.

Play Again

Keep the cycle
going. More
games, stronger
community, better
youl.
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Where canl find a game?

Who else is playing?

Are they at my skill level?

Is the location convenient?

Will enough players
actually show up?

Will the teams be balanced?

Will the game be competitive?

fit your time and place.

p Seeplayers, numbers
and who's signed up.

to 'l Know Exactly Where, With Whom and How’ K/’
4

p Smart matching based on a (,(" -
your skill and preferences. *
-': S -
) Checkdistance, travel time N
and facility details. P ———
P y e

> Real-time confirmations and
reliability predictions.
OUTCOME

y Fairteams powered by \/ Playnest turns uncertainty
skill-based balancing. into confidence—so you can

focus on what matters: the game.

p Competitive match insights
so you know it'll be a good game.



Why Machine Learning Matters for Playnest

Machine Learning isn't just a technology feature— it's an intelligence layer that makes play simpler,
smarter, and more engaging.

Q_E BEFORE: Manual & Fragmented

Today, sports coordination depends on:
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WhatsApp sroups
Endless messages and missed updates

Personal contacts
Limited reach and biased invites

Spreacdsheets
Hard to manage, always outdated

Multiple apps
Scattered information, more complexity

Manual coordination
Time-consuming and error-prone
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& AFTER:Intellicent & Effortless

Machine Learning learns from the signals that
matter and turns them into smarter decisions.
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Player preferences
Understand what players enjoy

Game history
Learn from past games and results

Attendance patterns
Identity reliability and behavior

Performance insights
Track improvement and impact

Team composition
Build better, balanced teams

Game video (with explicit consent)
Extract insights to improve play

An intelligence layer that works in the background—
so players can just play.



Wireframe & User interface
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Use case 1- User flow
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2.Use Casel-

Smart Game &
Player Matching

’?' The Human Problem

- Looking for the right game entails scanning
various platforms, groups, and communities
while considering multiple aspects including:

@ Q © ¥

Sport Location Time Price
cQOo -0
UDD 3 =h= Playing
Skill Level Player Count " Preferences

Playnest

®* @ B i

WhatsApp \& a®s Society Group

Group - 7Y

5V5 Football ~ (= Cricket Match

Tomorrow 6PM ' ‘ Sunday 8AM

8
- i
Community m Meetup
Channel
_ Basketball Game

Badminton S R e

4 Players Needed

L

Local Instagram
@ =

Weekend Game
7AM, Turf

' Facebook Group
Futsal Tonight

9PM

1

The Promise

Find the right game,

S — e - - — —




Playnest Learns
What Makes a s

®
GameRightforYou @) g
=
Pl.aynest learns yom.Jr preferences, playing Behavior &
history, and behavior to recommend relevant Participation Game & People
games and compatible people. Recommendations

THE 5 MOST IMPORTANT MATCHING FACTORS

. Sport . Location

. Time . Skill Level . Preferences



Playnest: ..
What the Model Learns From

Playnest uses the information players choose to share to create smarter matches,
stronger communities, and better experiences.

THE DATA WE LEARN FROM

%) () (@O

Preferred Skill Location Preferred playing Previous
sports level time games
Player Ratings and Previous match
interactions feedback outcomes




A Recommendation
That Feels Personadl

Playnest uses machine learning to understand
your preferences, skill level, and availability—so

every recommendation feels just right.

/é’
Lea |:n You

Understands your
skills, interests,
and habits.

Q

Discover

Find games
near you.

ﬂ

Fits Your Time

Matches
games that fit
your schedule.

e
Y '\

Match

Get smart
matches.

©

Close to You

Finds great
options near
youl.

®

Join

Request or

accept invitations.

Better Over Time

Gets smarter with
every game you

play.

/
Organize

Plan, coordinate,
and manage.

_—

‘ Badminton

%] Today, 7:30 PM

i % 12km away

.1l Intermediate

-*. The 92% score is Playnest's predicted
» compatibility between the player and the game.

Match
@ | I a [
wr 1 ./
Play Analyze Improve Play Again
Show up, have Track performance Get insights and Keep the cycle
fun, and enjoy. and progress. coaching tips. going. More

games, stronger
community.



Playnest:

From Opening the App
to Joining the Game

Less searching. More playing.

Open Set Machine Games are View game Check Join
Playnest preferences learning scored and details suitable game
monitors ranked players
user data



Technology
behind it .

Playnest uses machine learning to understand your preferences,
evaluate the best matches, and surface activities you'll love.

2 s (B s (B s (@ oo (.

° o
User Data Feature Extraction M.L. Model Match Scoring Personalized
Recommendations
_ . ~*~..  Discover Increase the Create a more
- ALelis Reduce 8 8 compatible /J likelihood of personal sports
=) games faster search effort DU[I SN )
= people participation experience
R EE———
|/ 2 N | Incontrast to movies or music recommmendation sites, Playnest recommends an

actual activity that includes people, places, time, and skills at once.




How It Works

1. User Data
Preferences + Skill + Location + History
8
2. ML Model
Learns player interests & behavior
N8
3. Match Scoring
Scores games and players based on
compatibility
N8
4. Personalized Recommendations
Shows the best games and players

Technology Behind It

e Recommendation System
Understands which games/players matter
to each user.

e User and Game Embedding
Transforms users, games, and player
features into numeric values such that the
system is able to identify similarities.

e Similarity Matching
Identifies similarity between the user’s
profile and games and players.

e Ranking System
Ranks the possible matches from more
relevant to less relevant.

Technology behind it

ws the preferences, behavior, and gaming history of each user to suggest the most
uitable games and gamers.

Example

User Profile
Badminton | Intermediate | 7-9 PM |
Within 5 km

Available Games

Badminton — 1.2 km — 92% Match
Badminton — 2.0 km — 87% Match
Football — 2.4 km — 80% Match

The ML model doesn't simply choose the
closest game. It considers multiple
factors together.



Use case 2-
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- playnest

Use case two
Al Attendance & Game Success Prediction

Community sports games often fail because of no-shows.

8/8 players joined X 2 players don't attend
The game is set. It works! 7 The game may no longer work properly.
A _ il o, i
PP ®O® - POPOOE®
_/':i\l Game is balanced High chance of ( B - Unbalanced teams, f”a Low chance of
K[_ / and ready to play. a great game. - cancellations, or “ / agood game.

~ wasted time for others.

@ Playnest predicts whether the game is likely to happen successfully.



I» Playnest

Attendance Confidence
Is About This Game

The Playnest measures the probability that each
individual will come to watch this particular match,
depending on the opponent, time, place, weather,

and miich maore

Not a permanent label.

dé These predictions are game-specific and
context-driven, not a judgment about the

person.
&P 2 Y,
Fww
Game-Specific Smart Signals Actionable Insight Respectful & Fair
Changes with Uses patterns and Helps coaches and
i lbehaviors to inform teams plan with S
IR WANGE; o P ) private, and person-first.
location & more. each prediction. greater confidence.

Cc&)) Estimated likelihood of attending this game

[
Ny

8, Rakesh 96%
8 Niru N%
g ) Alpesh 78%
Eé_% Junaid 61%
Q) AryanKaushal At Risk

e

::®

EXAMPLE CONTEXT

Estimated likelihood of
attending this game:




What Helps
Playnest Predict Attendance?

The model learns patterns from past behaviour and the specific game context.

Player history

Previous attendance
Games joined

Games attended
Cancellations
Last-minute cancellations
No-shows

Check-in history

Game and schedule

Distance from venue

Preferred playing time

Day of week

Game time

Waitlist size

Time between booking and game

é\\ playnest



From quyer Pred iCtions CONFIRMED PLAYERS VS EXPECTED ATTENDANCE
to Game Confidence o

In contrast to the total bookings, Playnest
goes further and predicts whether

sufficient players will show up to make the
game successful. &

0 20
R
8 o 6.7
& confirmed VS expected
players attendance
. . . Players who have booked Our ML prediction of how many
We use machine Ieornlng to predICt and are confirmed. players are likely to show up.
show-ups, so you can make smarter

decisions with confidence.

_é** Even with 8 confirmed players, our model predicts only 6.7 are
playnest * likely to attend. That's below the recommended threshold of 10.



Why This Use
Case Matters

Playnest differs from the traditional method
of registering attendance after an
occurrence by using past behavior to predict
the success of a real-world future event.

w | O | KR

Fewer Earlier More people

failed games. decisions. actually playing.

PLAYNEST

Game looks
strong!

‘ Badminton
L Y

f= Tomorrow, 7:30 PM 92%

*‘ / 12 km away

Success

.1} Intermediate Prediction

Playnest looks beyond sign-ups to predict
real-world outcomes—before game time.
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Use case 3- User flow
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A playnest

Use Case three -
Al Team Formation & Win Predictor Sere

@ The human problem :

Balancing teams manually is not an easy task.
Putting the best five players together may
cause the team to become too strong. i’

44444

" ot ﬂ:§’ @"'-

@5 b &

@ The player question @ m" ' P G g’
How competitive are these teams? !
Predicted Win Rate Predicted Win Rate
52% 48%
The promise
Playnest helps create fairer teams é: __25 Balanced. Competitive. Fun for everyone.

before the game begins.
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Playnest Builds Teams, Not Just Line-Ups

The Playnest uses the player’s performance data along with an optimization
model to balance the teams and calculate their win probability.

Do

&

-

R

R)

@) (bo) Q)

Player Ability

Player skill score

" Recent performance

Win/loss record

Position

- Playing style

©

Balanced Teams
oL o " @ & Win Probability

Head-to-head history

‘-‘<
A

Team history

- - e . -

3) Q)

Team chemistry

Optimization
Algorithm

! AVASS

Team B

Venue conditions

(B

The goal is a competitive game where everyone has a fair chance.

playnest

54%

Win Probability

e \1: ’ -‘x‘ 5
f—ﬂ Player availability [af {i;)ﬂ ’H ,’ 46/0

Win Probability



A playnest

From an Unbalanced Game
to a Fairer Match i

Playnest helps create better matches for everyone.

-----

1. Recognize | | 2. Test Combinations 3. Create Fairer Match

Q The system checkseach  ..... - ;'; It tries different player ... @ The system builds teams
game and sees if the ) combinations to find that are more even and
teams are too uneven. a better balance. more fun to play.
Initial teams: i Final teams:
TeamA- 72%  TeamB- 23% - ® TeamA-52% | @ TeamB - 48%

” - - : + i 7R\ /B "j 7\ /Y — pema g W R e N '

R AI% N5 S5 S5 Y% NS 8 (PP (B ERE Y
@) Too strong @) Too weak !Well balanced ‘




A playnest

A Win Predictor That Explains the Estimate

Our model evaluates team strength, recent form, and historical context to v o0
estimate the likelihood of a win.

TeamA TeamB
&) - &) -

ﬂ[]ﬂ Team Strength: 78.2 ] Team Strength: 76.1
eei VS p
" Recent Form: Strong ~/" Recent Form: Moderate
: 5 A A nr . .
@ Win Probability: 58% 7 Win Probability: 42%

@% Based on available historical and current data,
Team A has an estimated 58% probability of winning.

A This is not a guaranteed winner prediction.



n i playnest

ttttt

_. X @OL -. X A %
gﬁﬂj | => /v‘;/' =) \%Qé - q;\}: > / - 8%%

® / i (v
=V e \ N/
Player Skill & Form Potential Team Team Win Probability Balanced
Performance Data Estimation Combinations Management Model Teams

@ The model explores possibilities so organizers dont have to.



playnest

Why This Use Case Matters o

8@ Reduces organizer effort

Creates more competitive games
@ Improves fairness

ol ' Makes team selection data-informed

@ Canincrease player enjoyment

C/ It incorporates Machine Learning, optimization, and practical group decision-making
processes rather than simply suggesting information to users.



Use case 4- User flow
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A playnest

Use Case four — Dynamic Skill-Based Matchmaking e

Self-declared skill levels are subjective and can

mean very different things to different people. =
“Intermediate” means different things

People label themselves

E’Qj Players choose labels like “Beginner”, Weaker [OEmEel i Stronger
“Intermediate”, or “Advanced”. "N S~

- —
{ )
. . X h A \ 4
Same label, different meaning > .

P

(:Qf—?j‘“m An “Intermediate” player in one region S
may be a top performer in another. Win Rate: 38% Win Rate: 52% Win Rate: 68%
Avg.KDA: 0.8 Avg.KDA: 1.3 Avg. KDA: 21
Leads to uneven matches Matches: 120 Matches: 220 Matches: 310
‘f\iD Matches can feel too easy, too hard, _— , |
or jUSt not fun for everyone. > ovgrwﬁsrmed x‘ 2(;Ec)c?hes ‘ © E)Aégzzlget

@ How can Playnest make skill level more meaningful?
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From Labels to Evidence 2SS

Playnest constantly analyzes the player's level
of expertise based on information collected
during various games rather than using just
labels like Beginner, Intermediate, or
Advanced.

Playnest (weplay

super regulars) Skill

'ﬂ-.

Score:

w‘
N 72 /100
@ A clearer. picture of ability .helps

players find more compatible games.

-----

Player Profile
Skill evolves with every game

Skill Score

e (@) (M) (X (M) (®) () ()

Gamel Game 2 Game 3 Game 4 Game 5 Game 6 Game 7

Time



A

What Helps Playnest Estimate Skill?

14

2L Rj @

Game results

Wins, losses, and outcomes

Opponent strength

Who you played and
how strong they are

Individual performance

Your in-game impact
and statistical output

Player ratings

Existing rating systems
and external benchmarks

\

Do | @) | [

Match history

Your past matches
and results

Recent form

How you've
performed lately

Consistency

Stability of
performance over time

Self-assessed skill

Your own perspective
and confidence

playnest

;;;;;



A playnest

A Skill Score That Learns With You

Through many games, the model recognizes thatthe . +vraz
player is good at playing against opponents that are
progressively better.

lllll

New player After game1 After game 2 After game 3

A
T S
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playnest
@ ®
Matchmaking That Keeps Learning S
\ | -~ g ; "d—_“"\\
O’/I\‘O /‘\ |
\C’\—> i 822 1(&)) lm |—> = - ()
l_] \"O ,..f/ L | ~—
Game Performance Skill Ranking Dynamic Compatible Game New Game Updated Skill
History Features Model Skill Estimate = Recommendation Data Estimate

@’ Each game creates context that makes the next suggestion
more appropriate.



A

22 ) Better player compatibility

More competitive games

5[2) Reduced skill mismatch

Better user satisfaction

R

Matchmaking that keeps improving

A single game should
@ never determine a

playnest

1111

Ol >

Less More
Certain Certain

~ The model should consider
multiple observations and
communicate uncertainty

layer’s ability.
el y where appropriate.

’:n\ It converts player matching into an ongoing learning process
"/ ' instead of depending completely upon the self-declared skill level of

the players.



Use case 5- User flow

n Helord / Uplosd Gamrse

e pp iy wils B8y L
e T i I

q B el e A, &

s b ——

B Wideds Froceiting

yakpn o e el e |
Bl s Eabal

=i F -

fr-qu.-.l.. Fodma

o

Lap 2R

L e s R R ]
e M

Vil & g Figgeey B Bepd

n A0 Arafaid

B e iy T T

g Uil @] oo e rr s §

(=T
e ™ e Rt

! Lha

o K L

T R - —
| i L

[ . ra

e e B e m e

it

a Tl ™

u Performance Fiighti

A e ey e e e e g

et N sl r.l..-.|'r|

| S . ot [

i il Fed e

O??m

By BT
Ll il i 11
—
EE 7 [ Fat B i
"ma Frrg®a e b g
ey 1
i =
o —— -

'ﬂ Al Heeamman abinnd

Vg prmad vl g palicann

AT |.p.|lu-.-r|..|- -

U drmmn

B Seetew

e:l R Tl LT

Mg o g g iy

o iy bLpamr few

el o 1 o

ﬂ Imprave & Repeat

5 Apady lepr=rgpy 0 sa st b
Euf gl (e

= . L L ol .

[ [ S PR S

b T LTSy SR

P g Linlier Fremrarn

Fr
.
i
-
l-..-.‘ ’
_
gy
| S e
-
ks N id
o - 1




A playnest

Use Case Five — Al Game Intelligence from Body Cam / Live Stream :::::

07\ The Human Problem @[3 The ML Solution
</ After a game, players often

With explicit user consent,
know the final score but not... Playnest can analyze...

How efficiently they moved ;
e @] Body cam

N footage
Where they positioned themselves

: D Phone-camera recordings
How many actions they performed >

Where they made mistakes Authorized live streams

((“')) Example: weplay live
What they could improve SS— AN streams - youtube

*s+.../ K| Venue camera footage
A coach can offer this > like one in CJ turf

perspective, but analyzing all ,Chemnur mumbai
players and games by hand is not

an easy task.

/3)5 Turn game footage into useful, personal feedback.



A playnest

Movement Alone |
Does NOt Prove A\ | Movement Signals We Measure e
Skillful
) Player 0 T Change of
] | Position s ‘ s Direction
A player running very -~ P ~
fast isn’t necessarily a ..o:) Distance é/ AT . A 7\ Recovery
good football player. "***/ Covered ) Y, 7/ Position
— : -
L TP (7)) Speed e \ C/if‘\ T ., | Body
: 'SNe Alignment
m While Playnest is 4
. . L eceeaie . . Movement
| @@ concerned with relating Acceleration O & ) Ciconey
bodily movements to T \
gaming, skill A,  Deceleration ----- ;"}r ................................... Spatial
| Positioning

assessment method
concentrates only on
movement.



A playnest

From Movement to Meaningful Game Actions ...

iiiii

@ Computer vision connects body movement to actions that happen over time.

N
@ Football [ /£, ) Badminton @ Basketball

@ Pass IS <7 | Serve
@

.

~% Smash

p—
—

'~ Forehand . {

a - p ~ / | | N @ Pass
/ @ Tackle ‘\- g’ " Rally P~ \
[ ]
‘ | K ‘ ® Rebound
xﬂ @ Dribble / \. | Backhand Y. |
1 :

G
=3
o ol
()
q
(@)
()
O
—+
(o]
-

Defensive
positioning

e
©

Recovery A
position



A playnest
A More Complete Picture of Player Ability ...
Our model combines many signals over time to estimate true playing T
ability.
‘ Performance
Movement Actions Decisions Game Historical [ skill Model
Outcomes Performance
- ) geent Player Skill
S A Estimate: 77
Recovery Vi / \ Rally 77 \
Speed © ¢ f Consistency
_ | / _
.\\. I| / bossssstisentsstd
\ L = _a
& ') Shot Quality * () Decision Strong positioning and rally consistency;
Making improvement opportunity in recovery
speed.
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How Playnest Turns Video Into Insight

1.
‘ / r = \ Computer Vision
[ (‘\o,_ .................................
\ L identify players,
balls, and objects in
each frame
: 4.
e Pose Estimation
/ 1’I T\ ................................

identify head, shoulders,
elbows, wrists, hips,
knees, and ankles

2.
Object Detection

.................................

identify player, ball,
goal, court, and field

5.

Action Recognition

--------------------------------

identify actions
over time

b

playnest

3.
Player Tracking
follow the same \

player across frames

— . ——.—

6.
Performance Modeling W,

---------------------------------

combine extracted
information with game
results and historical
performance



A playnest

From Game Footage to Personal Improvement

" P w -
& a

L] a
L] -
L] L]
L] -

r | Q ! N, ,@ Q O | r
—~ ) | 1\ _C \ ]| 7. s 1= O OOO
O D > s 5 5 |--_H > (&7 > ) >

Body Cam / Video Player & Ball Player Pose Action SIS S/ Personalized 2O
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Group info Edit < Football - Chembur/Sion

Games this week:
@ Wednesday (7 a side): 9:00 - 10:30 PM,

Announcements Y -,; e ;_‘-; CJ (list floated on Thursday 4PM)
2 W M A
111 .)

.“ﬂ Pratish Pallath E Few spots open f.. pratisi«] pa ”a-th ‘u“ j - Friday (11 a side): 9:00 - 10:30 PM, CJ
| ARCHIVED | S y (list floated on Thursday 4:30PM)

® Monday (7 a side): 9:00 - 10:30 PM, CJ

STOUpE. YOL I3 i # ¥ CHEERS: Dinner, drin... WePlay Regulars Rant (st floated on Thursday 5:00PM)
® Fﬂﬂ'tba"—ChembUT{SEﬂ'ﬁ 1:40PM Sat 7 Mar at 8:00 PM Group - 22 members

Rules:

G Punjab, Sion . - Keep chatter as low as possible so that
P : ) — game calls don't get missed amongst

® - . '5 i\ O Goi ng Audio Video Search FaRer

-

_ 5 6:18 PM Spamming is strictly not tolerated. You will
| 4 ‘ be banned from the group without notice for
spamming.
Going b Keep the group strictly for turf game related
Media, links and docs 291 discussions only.
Last-moment backouts are not allowed

® WeEsy = I: Football Mumbai Add to calendar Manage storage 232.5 MB unless replacements are found or it's a
ePlay - General: Football Mumbai

View archived

Groups you can join

genuine emergency. The player backing out
Starred will pay their share of the game if the count
of players has reduced.

n Football - Andheri e = : Repeated backouts and late comings attract
Notifications ted

: 5 Chat thema followed by blacklisting.

Save to Photos Default Group Link: You can add your friends to the
group yourself.




~ / Vision for My Project

Our Vision

To ensure that playing sport is as easy as hailing a cab or making an order for food -
whereby everyone can find the appropriate game to play, the appropriate company to
play with, and keep on improving.

Playnest seeks to create a future of:

§ Discover
Discover games near you which fit your sport, venue, time, and skill level.

< Connect -
Connect with compatible players and form communities of sports fans.

& Match
ML-based better matching of players and skill levels.

<= Play
Ifprove each game by forecasting attendance and teaming.

< Improve
G.ét personalized data about your performance through consensual game
video analysis.

S Return
feverage every game to make smarter recommendations for the next one.
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